TexHONOrMUYHasa 1 HaAEXHas TaMOXEHHasa aaAMUHUCTPAaLLNS

Kak TamoxeHHasa cay>kba Kopen ncnoab3yer gaHHbIE Y COBPEMEHHbIE TEXHOAOMNN?

TamoxxeHHas ciayx6a Kopen
Mupsas Kum, 25.11.25



ZEMI 7
Ctparerusa B 06/1aCTH 60JibINUX AaHHBIX U1 UU Qi

Service

v' TamoxeHHasa cnyxba Kopeun hokycmpyeTtcs Ha TpEX HanpaBrneHusx ana apdeKTUBHOIO NCMOoNb3oBaHUSA 60NbLUNX JaHHbIX 1 BHEOPEHUS

TEXHONormm NCKYCCTBEHHOIO NHTEJINEKTA.
OpraHusauus
®opMUpOBaHUE OPTAHMU3ALMOHHOM KYJIbTYPbl, ODUEHTUPOBAHHOU HA PabOTYy C

00JIbIIMMU JJaHHBIMU

Opranusanua
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% L""“ Hio CucreMa [lOAAep:KKa npolecca NPUHATHS PeIleHUH Ha OCHOBE 6OJIbLINX JAHHBIX U

N o GLOBA npuMmeHenusa MU

Co3zaHue cpefbl AJis1 06PabOTKHU U yIpaBJiEeHUs] COOPAaHHBIMHU O0JIbIIMMU JJAHHBIMHU
Ob6ecnedyeHre cTabUJIbHOW PaboThbl CEpBUCOB HA ocHOBe MU mocpeacTBoM
KOPPEKTHOW 00pabOTKU OOJIbIIUX JAHHBIX

e8¢ Kaapossiu IloTeHIMan

@ Benenuve u pazputue npruMeHeHusa UM B TaMOKeHHOU [eATEeIbHOCTH
Kazaposelii [loTeHIMan  JlocTvKeHUe HAUIY4YIIUX Pe3y/IbTaToB 3a CYET 3PPEKTUBHOTO
INTERN/ . accessible to ADB Management and Staff. It n&gugﬂh&%ﬁmmgaﬂﬂblx



ZHM| 7S
OpraHu3anms (AR

IT-noapaspeneHus = \
[ btopo nonutunku B obnactn KT un gaHHbIX

[HenaptameHT nnaHnposaHua NKT Onpepnenenne HanpasneHus pa3sntns UKT, nposeaeHnelINC, KOHTponb KayecTBa AaHHbIX

LenaptameHT nHHoBauum B oonactn UKT kcnnyaTtauyua nnatdopmsel bonbLlumnx gaHHbIX (BKtodas ML n DL), noarotoBka
cneunanuctoB VKT, BHeapeHue reHepatusHoro

[HenaptameHT ynpasneHuns UKT 1 gaHHbIMK §
QKennyartaumns xpaHunuuia TaMmoXXeHHbIX JaHHbIX, obecnevyeHne nHopmMaLMoHHON 6e30NacHOCTH

OenaptameHT N&P 1 obopyanosaHus

NccneoosaHuna U, BCTpoeHHOro B yCTpoucTBa
flen. skcnnyaraumm cMcTeMbl UN"PASS/ Akcnnyatauus cuctembl UNI-PASS (puckoopreHTUpoBaHHOE ynpaBneHne Ha OCHOBE

LIeHTp TaMOXXEHHOrO LierieBOro KOHTPOMS Ha rpaHuue 1), ynpaBneHue metagaHHbIMM

= P TKa M N yrnpas
Bu3Hec-nogpasaeneHms §: \ aspaboTka mogenen ynpasrneHns puckamm Ha ocHose WA
oSN
bropo coaenctema TaMoXXeHHOMY 0POPMITEHUIO
N KOHTPOIA
btopo ayanta n noxonos 3anpocbl Ha npumeHeHne U ona ynyyweHusa dusHec-npoLeccoB
btopo paccrnenosaHni MpenocTtaBneHne obpaTtHomn cBs3n nNo mogensam VM n gaHHbIM
b M H HbIX CBA3eu y
\ FOPO MexAyHapon CBASCK / [lpenocTtaBrieHne oTpacrieBbiX 3HAHUN

PernoHanbHble TaMOXHHU cnonb3oBaHue paspaboTaHHbIX MoAenen JaHHbIX

J

[NloaroToBneHHble MKT-cneunanucTobl

J

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.
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BoJibLIMe JaHHBbIE (LS

v' ObecneyveHune cpeabl ansa padboTbl ¢ 6onbLIMMN AaHHBIMU ABNAETCA YHAAMEHTaNbHbIM YCNOBMEM OISl JOCTUKEHUS
)Kenaembix pe3ynbraTtoB OT UCMOMNb30BaHMUA JaHHbIX.
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Big Data Portal
Big Data Analysis
Al based Services

= Unstructured
Data

CDW: Customs
DataWarehouse
Data Analysis



ZHNI 7S
CucreMbl (TEXHOJIOTMM 00JIBINMX JAaHHBIX U UH) Sk

Service

v’ [IpMEeHeHne TEXHOMNOINIM NCKYCCTBEHHOIO MHTEMNNeKTa TpebyeTt rmybokoro NMoOHMMaHNA CaMon TEXHOMOInn, eé
MEeXaHM3MOB U BO3MOXHOCTEMN.

Big Data Processing 'Advanced Data analytics
Enwronment for Big Data Processing Business Oriented Services x\
¥ | DataAnalytics Life Cycle \ [ Traditional + Advanced Data Analytics
Customs Procedures Extract - Store - Pre-process > Structured Data + Unstructured Data
Data Analytics - Visualize Rule-based Al + Advanced Al
Cus'foms Big Data Processing - Al Technologies
Business E_TL: ELT tools Advanced statistical analytics
Procedures Big Data framgwork: Hadoop Machine learning
| Cloud Computing: Kubernetes Deen learnin
Analytics Tools: Python, SAS P 6 :
Natural language processing |
o | High Performance computing Power | e
446 TB — o\ /|
m ~ GPU,vRAMetc. SN g

.................................................................................................................................

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.



O ZEA
Korea Customs

Service

Cuctemsnl (moptaj 60bHINX AAHHbBIX)

v' CuctemHasi cpega obecneymBaeT 06paboTky OonbLUNX AaHHbIX U NPeaoCTaBneHNne CEPBMCOB HA OCHOBE TEXHOSOMNI
NCKYCCTBEHHOIO MHTESMEKTA.

a

&

J

Qab XpaHeHUe U 00paboTKa JAaHHBIX AHa/iu3 JJaHHBIX PesynbTaThl, Busyanusanus

BHyTpeHHHe JaHHbIE ~
|“| LTS fla > Jloru, aatyuku IoT i}
El E5 JKCHopT or da -
- o o o Elﬁ -
O6J/1a4yHbIE -
= PaCCJIeAOBaHne&‘ BueoHa6.110, Bbruucienust

U= AyauT , eHHe cor Kulzlernetes UUu CepBuCHI

Hadoop

\ J J U

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.

f — bouibinve gaHHbie*MU natdopma \
BHelllHU e AaHHb]e_ — ) [ \ ( @HHCTPYMEHT AJIA dHAJIN3ad
o TAHHBIX
UHocTtpanHbie |l [Mo6abHAsA —Q
kovnanny B Toproas -
N7, MoaaepKKa NPUHATHUS
(Gl BryTpennue CMM-COLL Toc. AHa/u3 JIaHHBIX BayanHanposan peleHui
Uce | KoMImaHuu &= Cetun Be/JOMCTBa Python, SQL, SAS HbI€ Pe3y/IbTaThI




ZEMI 7S
KoMnereHIuu Q) 2Hx

Service

v' KomneTteHuun B 0611act TEXHONOIMIN U OTpacneBon cneundunkm — KroueBon dakTop, NO3BONAKLNN AOCTUraTb XenaeMbiX pe3ynsrtaTtoB npu npumeHeHnn AN,

[loAroTOBKa 3KCNEpPTOB IO JAHHBIM

YuebHble Kypchbl

TXﬂ. (201 7~) HaBbiky paboTbl ¢ gaHHbIMM, [1pOEKTbl OCHOBaHHbIE Ha
ba3oBblv Kpr, CpeAHMM Kypcl HpQABMHyTb”Z Kypc JlaHHbIX, PelleHna Ha ocHOBe JaHHbIX
AHanntuka 60abLINX AaHHbIX . ™ 160 O6yyarwwmuxcs

[ToHNMaHKe paboTbl NopTana 6OAbLUMX AAHHbIX
AHannTmka 6onbLUKX AAdHHDIX (6azoBbin, cpeaHunin, NpoaBUHYTbIN YPOBHM)
[lporpamma NoAroToBKWM 3KCNEPTOB MO AAHHbLIM

™ 56 IlposkToB c JaHHBIMU

Busyanmnsauma gaHHbIX

[TOHMMaHne NpUMEeHeHNA NepeaoBbIX TEXHONOINIA B TAMOXEHHOM
aAMUHUCTPUPOBAHNM

[MpakTnueckoe npumeHeHue reHepaTtusHoro N
Kypcbl no U ana pykoBogsAalero cocraBa

(OHnaunH-0O6yueHue) TXA, NMpakTnueckoe npumMmeHeHUe reHepaTMBHOIO

dopmMHUpoOBaHHE KyJIBTYpbI pa60Tbl C 00JIBIIMMH JAHHBIMMU

INTERNAL. This informat sible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.



ZEMI 7

NcKyccTBEeHHBIM MHTE/VIEKT B TAMOKEHHBIX NIpoueAypax

(46TB Rule-based j§h Advanced Data Skills

Submit Bonded Import Import Declaration Audit

Manifest JAVE: Declaration Inspection Accepted Investigation
Delinquent Tax

Management

Port Entry

Passenger Clearance

Submit PNR Arrival Inspection Completed Refund




v ZENIS
Ciay4yawu I: U1-Mmopaesin, npeaocraB/iswoniie HHGOpMaL o Sk

v" Mogenn WM npepoctaBnsaoT nHopmMaumio, KoTopas 00bACHAET COCTOAHNE AeATENbHOCTM Ha OCHOBE MPOLUSIbIX U TEKYLLMX AaHHbIX.

* Clustering (knacrepusauuna), FCNN, Random Forest, nghtGBM SVM, RNN m ap.

— [IpodurupoBaHue KOMIaHUM

\ 4

[Moaaep:xka ayauTa 5 s

« ObpaboTka ectecTBeHHOro A3bika (NLP)

e CO6Op AaHHbIX U3 BHYTPEHHUX N BHELLHUX UCTOMHUKO = ,ﬂ.

* Vcnonb3oBaHue MHOpMaLUUK OANnga NpoBedeHnsa ayauTa, —
BKINOYAd CBe4EeHUS O KOMMaHUAX I —

* 00LWKMKY Npodunb KOMNaHMn, PMHaAHCOBOE COCTOSAHME, - - ,F- I ....'.

MCTOPUA MMMOPTa U IKCMOPTA, KMoUYeBble YY4aCTHUKM, T

CpaBHEHWE C APYrMMKU KOMMaHNSMKU B TOM Xe oTpacnu u ap. ™

— CeThb 3dUHTECPECCOBAHHbBIX CTOPOH
- [lonumaHue CBA3u Mexay KiodyeBbIMH YYaCTHUKAMU

* Bwusyanmsauuna oTHoweHUn ona ny4yllero NnoHMMaHus

* [lpegocTtaBneHne nHgopmauuu, BKIoYasa KpUMUHANbHYIO
NCTOPUIO KaXXO0ro ydaCTHUKA, YTOObI BbIABUTL PUCKN,
OCHOBaHHbIE Ha CBA3AX MeXay HUMU

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission



= Qmﬂ’g
Cayuyau II: UM-Moaein AJist KOHTPOJISA PAa3/IMYHBIX PUCKOB o
v Mogenun W vrpatoT Kno4veByto posib B YpPaBneHn puckammn, KOHTPONnpys paktopbl pucka rnpu MMMnopTe.
Clustering (knacrepusauusa), FCNN, Random Forest, LightGBM, SVM, RNN v ap. *
— Mopagesb UHU a1 TaMOXKEeHHOT0 0(pOpMJIECHUA

- OnpeaesieHHe YPOBHEM PUCKA NIPU UMIIOPTE

« MawunHHoe oby4veHne u rmybokoe oby4vyeHune
« dopmMMpoBaHNE IPYNMbl «BLICOKOrO pUCKa» MMMNopTa -

. v - TN
3a onpefenexHHbIn nepuos ®OoKyc Ha TOBapax ¢ BbICOKUM
* OueHka ypoBHS p1ckoB Mpn MMMNopTE Ha 0CHOBE puckoMOOpPa6oOTKa 6e30MaCHbIX TOBAPOE
~ IIporHo3upoBaHHe NOTEHI{UA/IBHBIX IP06/IEMHbIX Em—

HaAJI10TI0oI1JiIaTEJIBIIIUKOB

o0

v

BbisiBJIeHMe HAJIOrOIJIaTeJAbIIIUKOB C BBICOKUM PUCKOM

* MawunHHoe oby4vyeHne + busHec-takTopsbl
« Pac4éTt 6annoB pucka HanoronnaTenbLINKOB Ha :
OCHOBe pe3ynsLTatoB Moaeny MalnMHHOro oby4eHus
n bnu3Hec-paKkTopOoB

FAIB|A} A

1 |s2851 | I3

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriat



v ZENIS
Ciayvau III: UM-Moae/n ¢ pacliMpeHHBIM HA00pPOM JAaHHbIX Sk

v' [1na mogenupoBaHus ¢ ncrnonb3osaHnem M npumeHsoTca pasHoobpasHble JaHHbIE U TEXHOMOTUN.

[] ldentifying counterfit Stamps/Signatures

IT.[/I AJI1 BBIABJIEHUA oA e/ IbHBIX JOKYMEHTOB T ——
- | i - '
- CpaBHEHHUEe CX0)KeCTH U300paKeHUuH B 7
| ! sy CS RC M
 Mopgenun Ha ocHoBe CNN (Convolutional Neural
Network — cBepTO4YHblE HEVNPOHHbLIE CETU) o dn ki 7
« (OOHapyxeHne obbLEKTOB (nevaTn n NoanucuK Ha . NSWBL IBER | o i
N306pakeHnsXx) 1 8 -
« CpaBHEHME CXOXECTU U3BJTIEYEHHbBIX OOBLEKTOB C S — . S S
3aperncTpupoBaHHbIMMN 0bpasuamu \
@ 5503003919 (0.632): TIEl NN -Moae/1b IPOrHO3UPOBAHUA HS-KOA OB (knaccupukanmonnsiii koa Tosapos)
o s s e o ey D ARen TS0 PagoMeH/alMa BO3MOXKHOTO KOa ToBapa -

O 9503.00-3499 (0.086): 7|E}

« Random Forest, SVM, Logistic Regression

* [lpeanoxeHne BO3MOXHOIMo HS-koaa Ha ocHoBe
oOy4YeHHOW MoaEeNU, Y4nUTbIBalOLWEN 3a8BNEHHbIE

O 505009080 (0.324) 1 Ha3BaHUS TOBApPOB, OnNMcaHnsa n nx HS-koagbl

O O O 6505.00-9029 (0.324): 7|EL

655 Hies = PIt=2r 15 E%U 6%) 'B Management and Staff. It may be shared outside ADB with appropriate permission.



v v ZENIS
Ciay4an 1V: IIpoaBuHyTast aHa/IMTHKa (ceTeBOHM aHAJ/IU3) ) oo oo

GraphDB, ceteBoM aHanus

* BbigBneHme nytellecTBEHHMNKOB,
rpy30B M HanoronnaTtenbLMKOB C
BbICOKMM YPOBHEM pUCKa NYTEM
aHann3a noTeHunarnbHbIX PUCKOB U
onpeaeneHns cBA3aHHbIX
e dbakTopoB Ha OCHOBE CETEBOIO
aHanmaa.

|UI : SUINA 2023-08-14
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Qﬂ._wva*
[IpuMeHeHHe reHepaTuBHOro M1 B TaMoiKeHHbBIX Iponeaypax

v' TamoxeHHasa cnyxba Kopeun paspabaTtbiBaeT BHyTPEHHME cepBuchl Ha ocHoBe Large Language Models (LLMs) — 6onbLumx A3bIKOBbIX MOAENeNn.

» JlesieBas rpynna AJjis pa3pa6b0TKH CepBHCOB reHepaTuBHoro UM, aganTupoBaHHBIX MOJ TaMOXKEHHOE
aMHHHUCTPHUPOBAHHUE

* [lepuop: '25.4.1~7.5
e CocTtaB: 6 UT-cneuynanuncToB

 Lenu
(1) MNoBbIWEeHWe KOMNETEHUMI B pa3paboTke reHepaTueHoro

(2) ObecnevyeHne kaapoBbIMK pecypcamu B obriacTu reHepaTtmsHoro N

« NeATenbHOCTb
(1) WccneposaHue 1 NpoBepka TEXHOMNOrnn reHepatusHoro N
(2) CosgaHue NUNoTHbIX cepBUCOB Ha 6ase LLM

(3) MoparoToBKa 3KCMepToB Mo reHepaTusHomMy VA

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.



Qﬂ._wva*
[IpuMmeHeHMe reHepaTuBHOro M1 B TaMoKeHHBIX Nponeaypax o oo

* Co3aHMe NUWJIOTHBIX CepBUCOB Ha 6a3e LLM

 OOnacTb NpUMeHeHuUs
- PaspaboTtka cepBMCOB A9 NPOBEPKM KIMHOYEBLIX TEXHOMNOMMN N reHepaunum gaHHbIX

 Lenu
(1) NMoHMMaHMe NPUHLMNOB U MEXaHWU3MOB KJIHOUEBbIX TEXHOOTUIA, HEOBXOAUMbIX ANS

CO3aHunA cepBUCOB reHepatneHoro VW

(2) OBecneyeHne BbICOKOKAYECTBEHHBIMU AaHHBIMM A8 ONTMMU3aLMn CEPBUCOB reHepaTusHoro U

o) 2 tole 22 Na6opaTtopusa reHepatnBHoro U

O6wwun yat-60T ana Bonpocos 1 oreetoB (General
Q&A Chatbot)

YnpasaeHue Habopamn gaHHbIX ananoros Q&A
ABTOMaTMUeckaa reHepaumna HabopoB AaHHbIX Q8A
YnpasaeHne HabopamMm AaHHbIX aBTOMaTUUYECKU
creHepupoBaHHbIx Q&A

Q&A no pacuyéty HanoroobsaraeMoun CTOMMOCTM




[IpuMeHeHHe reHepaTUBHOro U B TaMoOXKeHHBIX Npoleaypax

M
Korea Customs

Service

v' TamoxeHHas cnyxba Kopewn pa3spabatbiBaeT BHYTPEHHME cepBUChI HA ocHoBe Large Language Models (LLMs).

— [InnorHbinA cepBuc Q&A 110 TaM0OXKEHHOHU OLIEHKE

\ 4

[loBbIlIEeHHUE AOCTYNHOCTH 3HAHUU

[TpumeHeHne RAG (Retrieval-Augmented Generation)

onsa ynyduweHuns pabotbl cepBmucoB Ha base LLM

Hi, | have a question about Al technology. What are the key technlogies that enable genrative

Al, especially those related to LLM-based Al applications?

Okay, let's break down the key technologies that enable generative Al, with a focus on those

powering LLM (Large Language Model) based applications. I'll organize this into categories: Core

Architecture, Training Techniques, and Optimization/Deployment.

1. Core Architecture & Mechanisms:

P

Transformer Architecture: This is the foundational architecture. It replaced Recurrent Meural
Metworks (RNNs) due to its ability to handle long-range dependencies and parallelize
computations. Key features:

o Self-Attention: Allows the model to weigh the importance of different wordsin a
sequence when understanding context. This is what allows LLMs to "understand”
relationships between words that are far apart.

o  Encoder-Decoder Structure (often simplified): While the original Transformer had both,
many LLMs use only the decoder portion for generative tasks.

Attention Mechanisms (Beyond Self-Attention): Variations like Multi-Head Attention allow

the model to attend to different aspects of the input simultaneously.

Positional Encoding: Since Transformers don't inherently understand word order, positional

encoding adds information about the position of words in the sequence.

. Training Techniques:

Self-Supervised Learning: LLMs are primarily trained using self-supervised learning. This

means they learn from unlabeled text data. Common technigues include:

o MNext Token Prediction (Causal Language Modeling): The model predicts the next word
in a sequence. This is the most commeon training objective for generative LLMs.

o Masked Language Modeling (MLM): (Used in models like BERT, but less common for
pure generative models) The model predicts masked words in a sentence.

Reinforcement Learning from Human Feedback (RLHF): This is critical for aligning LLMs

with human preferences. It involves:

o Reward Modeling: Training a model to predict human preferences for different model

outputs.

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.



Byaymue noaxoabl — areHTckuid UU (Agentic Al) ) oo

Service

Hi, | have a question about Al technology. What are the key technlogies that enable genrative

¢

Al, especially those related to LLM-based Al applications?

Al Models in Customs Procedures

Okay, let's break down the key technologies that enable generative 1a focus on those

powe

owering LLM (Large Language Model) based applications. I'll organize this into categories: Core

Architecture, Training Techniques, and Optimization/Deployment.
1. Core Architecture & Mechanisms:

Transformer Architecture: This is the foundational architecture. It replaced Recurrent Neural

ALA

Networks (RNNs) due to its ability to handle long-range dependencies and parallelize

computations. Key features:

Self-Attention: Allows the model to weigh the importance of different words

Ssina
sequence when understanding context, This is what allows LLMs to "understand

""L'.Cltlflir1:|“i;35 between words that are far apart.

Encoder-Decoder Structure (often simplified): While the original Transformer had both,

many LLMs use only the decoder portion for generative tasks.

Attention Mechanisms (Beyond Self-Attention): Variations like Multi-Head Attention allow

i

the model to attend to different aspects of the input simultaneously

Positional Encoding: Since Transformers don't inherently understand word order, positiona

encoding adds information about the position of words in the sequence.
. Training Techniques:

Self-Supervised Learning: LLMs are primarily trained using self-supervised learning. This

means they learn from unlabeled text data. Common techniques include:

: Submit Import I Audit -
Next Token Prediction (Causal Language Modeling): The model predicts the next word Manifest Declaration Ivestigation

juence. This is the most common training objective for generative LLMs.

Delinquent Tax
Management

Masked Language Modeling (MLM): (Used in models like BERT, but less common for

>

: Submit PNR Inspection
pure generative models) The model predicts masked words in a sentence. :

1C

: Refund
Reinforcement Learning from Human Feedback (RLHF): This is critical for aligning LLMs i

with human preferences. It involves:
Reward Modeling: Training a model to predict human preferences for different model

5

outputs.




JOopoXKHad KapTa 1o reHeparuBiomy U

Cbop, oumncTka u
Co3aaHue obyueHne AaHHbIX
areHTCKoro B popmare,
reHepaTMBHOro - MPWUrOAHOM Ans -

41
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M
Korea Customs

Service

dopmMupoBaHme
OpraHM3aunoHHOW
KYAbTypbl
ncnonb3osaHuna VA
RO BCeX
nojpasaenieHnax

ObecneyeHue
AHSN3 MHOPACTPYKTYpPbI
CVLLeCTBYHOLUMX '
Y y y H BKJ1FOYad
MOJenen u
annapartHoe u
pa3paboTka

HOBbIX MoJZenenm
obecneyeHwme

INTERNAL . This informationis accessible to ADB Mana gement and Staff . It may be shared outside ADB with appropriate permission.
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M
BbIBOAbI Qe

Service

M NpumeHeHne UM c opueHTaumeit Ha 6U3Hec

K

nyboKoe noHMMaHue TeXHONOrnn

K

MacwTtabHble n BbICOKOKaueCTBEeHHbIe AaHHble

<

v| AINarHoCTUKa TeKyLLero COCTOAHUA U onpeaeneHue ctpatermm

INTERNAL. This informationis accessible to ADB Management and Staff. It may be shared outside ADB with appropriate permission.
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